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Abstract. The degree to which predation is an additive vs. compensatory source of mortal-
ity is fundamental to understanding the effects of predation on prey populations and evaluat-
ing the efficacy of predator management actions. In the Columbia River basin, USA,
predation by Caspian Terns (Hydroprogne caspia) on U.S. Endangered Species Act (ESA)-
listed juvenile salmonids (smolts; Oncorhynchus spp.) has led to predator management actions
to reduce predation; however, the assumption that reduced predation translates into greater
salmonid survival, either within the life stage where predation occurs or across their lifetime,
has remained untested. To address this critical uncertainty, we analyzed a long-term (2008–
2018) mark–recapture–recovery data set of ESA-listed steelhead trout (O. mykiss) that were
tagged (n = 78,409) and subsequently exposed to predation during smolt out-migration
through multiple river reaches (spatial scales), jointly estimating weekly probabilities of steel-
head survival, mortality due to bird predation, and mortality due to other causes. This concur-
rent estimation across time-stratified cohorts allowed for the direct measurement of the
strength, magnitude, and direction of relationships between survival and Caspian Tern preda-
tion. Estimates of Tern predation on steelhead were substantial in most years, with cumulative
annual estimates ranging from 0.075 (95% creditable interval = 0.058–0.099) to 0.375 (0.290–
0.461). Increases in Tern predation probabilities were associated with statistically significant
decreases in steelhead survival probabilities in all evaluated years and salmonid life stages
(smolt out-migration and smolt-to-adult returns). Results provide novel evidence that preda-
tion by Caspian Terns may have been a super-additive source of mortality during the smolt life
stage and a partially additive source of mortality to the adult life stage. Annual estimates of
the difference between observed survival and baseline survival (i.e., in the absence of Tern pre-
dation) ranged from 0.052 (0.017–0.103) to 0.314 (0.172–0.459) during the steelhead smolt life
stage and from 0.011 (0.001–0.029) to 0.049 (0.025–0.078) to the adult life stage. The estimated
levels of compensation have important implications for predator management actions aimed at
increasing the survival of endangered salmonids, and the modeling approach developed herein
provides a framework to directly quantify the impacts of source-specific mortality factors on
prey populations.

Key words: capture–recapture–recovery; compensatory mortality; hierarchical Bayesian model; popula-
tion dynamics; predator–prey dynamics; state-space models.

INTRODUCTION

Predator–prey dynamics are fundamental to evolu-
tionary and ecological processes (Holling 1959), yet the
full impact of predation on prey populations has been a
topic of continuing debate (Serrouya et al. 2015). Assess-
ing the effects of predation on prey populations gener-
ally requires information about (1) the number or

proportion of available prey consumed, (2) which indi-
viduals or life stages are targeted by which predators,
and (3) the levels at which other mortality sources or
vital rates may compensate for predation (Caswell 2001,
Mills 2012). Most predator–prey studies focus on kill
rates and predation probabilities (Vucetich et al. 2011).
Relatively large kill and predation probabilities, however,
do not necessarily imply that predators are limiting prey
populations. Metrics measuring how a prey population
responds demographically may be more pertinent (Ser-
rouya et al. 2015). For example, largely compensatory
predation has little effect on prey survival probabilities
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at any level of kill or predation probability, but rather is
associated with decreases in mortality from other
sources (Sandercock et al. 2011). Conversely, when pre-
dation is a substantial source of mortality and largely
additive, it may depress prey survival and population
growth (Taylor 1984). Although the role of compensa-
tion is vital to assess the effects of predation on prey
populations, it often remains unmeasured, or imprecisely
described, even in well studied predator–prey systems.
Understanding the effects of predators on prey popula-

tions requires quantifying survival probabilities, preda-
tion probabilities, and the relationship between these two
processes. The relevance of these relationships may be
scale dependent, with different mechanisms of compensa-
tion acting with varying significance, contingent on scope.
Large-scale, density-dependent additive mortality can be
quantified based on changes in population growth rates
(which incorporate survival, movement, and reproduc-
tion), whereas in field studies, inference is more typically
drawn from shorter time scales, such as evaluating what
proportion of losses were part of the “doomed surplus”
vs. losses that could have been avoided (Errington and
Hamerstrom 1935). Thus, the scale at which the relation-
ship between predation and survival is evaluated can have
important implications for inferences with respect to the
impact of predation on prey populations and prospective
conservation intervention on behalf of the prey.
As computational capabilities have increased, so too

has the sophistication of methods that employ multi-
state, mark–recapture–recovery data to jointly estimate
probabilities of survival and multiple causes of mortality
(Schaub and Pradel 2004, Gimenez et al. 2007). The
integration of data from multiple mortality sources is of
distinct value to investigations of compensatory mortal-
ity, which involves the interplay of baseline survival and
all relevant, measurable mortality sources (Lebreton and
Pradel 2002, Schaub and Lebreton 2004, Wolfe et al.
2015). Furthermore, associations among source-specific
mortality and demographic rates may also be scale
dependent, whereby decreasing mortality in certain life
stages may do little to reverse overall population declines
across broader time scales (Crouse et al. 1987). As a
result, the efficacy of predator management strategies to
enhance prey survival and persistence may be dependent
on spatial or temporal scale, whereby short-term
improvements in survival may address management
needs at a local scale but diminish across broader extents
important to species persistence. Long-term, multi-
facetted data sets are therefore of principal importance
in answering these large-scale uncertainties.
Anadromous salmonids (Oncorhynchus spp.) in the

Pacific Northwest region of North America are the sub-
ject of great conservation concern and, therefore, have
been the focus of countless long-term research and man-
agement programs (see Quinn [2005] for additional
details). Each year in the Columbia River basin, USA,
thousands of U.S. Endangered Species Act (ESA)-listed
salmonids are tagged during the smolt (juvenile) life stage

with Passive Integrated Transponder (PIT) tags to gather
information on their behavior and survival following
release. During out-migration, salmonid smolts are
exposed to predation by multiple species (fish, birds, and
mammals), mortality associated with passage through
hydroelectric dams, disease, and a host of other mortality
factors (Nelson et al. 1991). Predator–prey interactions
involving piscivorous colonial waterbirds and ESA-listed
salmonid populations are of particular interest (NOAA
2014). For example, previous research has identified pre-
dation by Caspian Terns (Hydroprogne caspia) as a sub-
stantial source of mortality for anadromous ESA-listed
steelhead trout (O. mykiss) during their smolt life stage,
with several studies documenting annual predation prob-
abilities in excess of 20% of available fish (Collis et al.
2001, Evans et al. 2012, Evans et al. 2016, Payton et al.
2019; Evans et al. , in press). Concerns relating to the
impact of Terns on steelhead smolt survival have
prompted the implementation of management actions
aimed at reducing predation by reducing the number of
Terns that nest and forage on fish in the region (USFWS
2005, USACE 2014). However, the assumption that
reduced predation translates into greater survival at the
smolt or smolt-to-adult life stages has, to this point, been
largely untested. Furthermore, linking mortality in one
life stage to cumulative survival across multiple life stages
is especially important for populations of anadromous
salmonids, where life stage specific mortality rates can be
high, the specific cause(s) and locations of mortality are
often unknown, and the rate at which smolts survive to
adulthood is a principal factor influencing population
growth and persistence (Kareiva et al. 2000).
Herein we develop a multi-state, multinomial model

to investigate whether reductions in Caspian Tern preda-
tion have been associated with increases in steelhead sur-
vival during the smolt and smolt-to-adult (i.e., adult
recruitment) life stages. We used a long-term mark–re-
capture–recovery data set involving ESA-listed Upper
Columbia River steelhead trout that were exposed to
predation from multiple piscivorous waterbird species
and colonies to measure the degree to which predation
by Caspian Terns was an additive vs. compensatory
source of mortality. Our modeling framework simultane-
ously estimated prey survival, probabilities of predation,
and the relationships between these two processes.
Levels of additive mortality were evaluated over two
imbricate spatial scales encompassing two different steel-
head life stages and management units: (1) smolt out-mi-
gration and (2) smolt-to-adult returns.

METHODS

Additivity, compensation, and a conceptual model

To provide context for understanding data collection,
model development, and empirical results, we first
describe the theoretical relationships between survival
and predation across the spectrum of additivity/
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compensation. We then develop a conceptual description
of the modeling framework and key parameters
employed for the evaluation of predation as an additive
or compensatory source of mortality.
For any given system absent predation, it is assumed

some proportion of prey will survive with the compliment
proportion succumbing to some “baseline” mortality
source. Additive mortality (a) refers to the proportionate
reduction in prey survival associated with increases in
predation. Conversely, compensation (1 � a) refers to
proportionate decreases in prey mortality due to other
mortality sources in response to increases in predation.
For example, under the complete compensation hypothe-
sis (a = 0), increases in predation do not decrease sur-
vival, but instead proportionately decrease mortality
from other sources (1 � a; Fig. 1). Five classifications
are commonly used to describe the spectrum of possible
compensatory and additive mortality relationships: (1)
over-compensation (a < 0); (2) complete compensation
(a = 0); (3) partial compensation (a 2 0; 1ð Þ); (4) com-
plete additivity (a = 1); and (5) super-additivity (a > 1;
Fig. 1; Burnham and Anderson 1984, Schaub and Lebre-
ton 2004, Sandercock et al. 2011, Wolfe et al. 2015).
Mark–recapture–recovery data allow for the unbiased

estimation of survival (φ) and source-specific probabilities
of mortality (e.g., predation; h), given supplemental data
sufficient to identify unique probabilities of recovery for
each mortality source (Schaub and Pradel 2004, Gimenez
et al. 2007, Payton et al. 2019). Simultaneous estimation
of these parameters from an all-inclusive data set further
allows for the measurement of functional relationships
between these processes (e.g., φ = f(h)). The functional
expression of the classic compensatory mortality model
was described by Anderson and Burnham (1976)

/ ¼ /0 � ah (1)

where h denotes the predation probability (replacing
anthropogenic harvest, K, used by Anderson and Burn-
ham [1976]),/0 denotes baseline survival probability (the

expected probability of survival in the absence of preda-
tion), and a (equal to the factor of baseline survival, bS0,
used by Anderson and Burnham [1976]) measures the
additive portion of predation whereby increases in pre-
dation probability directly result in linear decreases in
survival probability, φ. It follows that the direct impact
of predation on survival can be represented and mea-
sured by /D ¼ /0 � /, the difference between baseline
survival probabilities and observed probabilities of sur-
vival.
Because survival, predation, and mortality from other

causes (e.g., “natural”mortality in discussions of anthro-
pogenic harvest) depict all possible outcomes available
for individuals of the prey population, the associated
probabilities of these outcomes collectively partition the
unit interval (i.e., the respective probabilities sum to 1;
Fig. 1). Consequently, for any given level of compensa-
tion, there exists a level of predation that saturates the
system (hsat) and the compensatory or additive capacity
of a system is overwhelmed by predation. This point,
commonly illustrated in the relevant literature as an
inflection point in plots of survival vs. predation, indi-
cates where mortality from other causes is exhausted
(1 ¼ /þ hsat), and, as a result, declines in survival are
directly inverse to greater levels of predation (i.e., preda-
tion is necessarily completely additive; see Schaub and
Lebreton 2004, Lebreton 2005, Sandercock et al. 2011;
Fig. 1). Analogously, given a sufficient level of additiv-
ity, there exists a predation saturation point at which no
individuals can survive, with declines in other mortality
directly inverse to greater levels of predation (Fig. 1).
This inflection point can be expressly enumerated as a
function of baseline survival and level of additivity

hsat ¼
1�/0

1�a ; when a\/0

/0

a ; when a�/0

(
(2)

where the first subfunction represents the point at
which “natural” mortality is zero and thus predation

FIG. 1. Visual representations of the partitioning of survival, predation, and other mortality given baseline survival of 0.6 and
various levels of additivity (a = �0.5, 0, 0.6, 1, 1.5). Under assumptions of complete or over-compensation (panels a–b), increases
in the proportion of individuals succumbing to predation (x-axis) reduces the proportion of animals succumbing to “other mortal-
ity” (i.e., other mortality = 0). Conversely, under assumptions of additive predation, greater proportions of individuals succumbing
to predation are associated with decreased proportions of surviving individuals (panels c–e). With too great a level of predation, the
proportion of individuals surviving is 0 (panels d and e).
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equals the complement of survival. The second subfunc-
tion represents the point at which survival is zero; thus,
all non-depredated individuals die due to other (natural)
sources of mortality (Fig. 1). In this study, we imple-
mented a multinomial modeling approach that explicitly
recognized the inherent constraints of the parameter
space to simultaneously estimate survival, multiple
sources of natural and predation mortality, and additiv-
ity (a), and, accordingly, measure the direct effect of pre-
dation on prey survival (i.e., the difference between
baseline survival probabilities and observed probabilities
of survival; /D).

Data collection

We used an 11-yr data set (2008–2018) of uniquely
marked (tagged) juvenile steelhead in the Columbia
River basin, USA, and their subsequent recaptures (de-
tections of live fish) and recoveries (detections of dead
fish) to evaluate survival, predation, and the relationship
between these processes (Table 1, Fig. 2). Each spring
(April–June), migrating steelhead smolts were captured
at Rock Island Dam (RIS) on the middle Columbia
River (river kilometer [Rkm] 729, as defined by distance
to the Pacific Ocean), marked with PIT tags, and
released into the tailrace of the dam to resume their out-
migration to the Pacific Ocean (Fig. 2). Fish were ran-
domly selected and tagged in numbers proportionate to
the run-at-large volitionally passing RIS each week. Fol-
lowing release, tagged steelhead could be recaptured
(passively detected alive) as smolts at Bonneville Dam
(BON, Rkm 234) and at a vessel-towed pair-trawl net
detection system in the Columbia River estuary (EST,
Rkm 75), and recaptured as returning adults at BON
following 1–3 yr of ocean residency. Each year following
the breeding season of piscivorous colonial waterbirds

(August–September), tags from depredated steelhead
smolts were recovered from up to eight different breed-
ing colonies of Caspian Terns and from up to seven
other breeding colonies of piscivorous waterbirds,
including California Gulls (Larus californicus), Ring-
billed Gulls (L. delawarensis), and Double-crested Cor-
morants (Phalacrocorax auritus; referred to as “other
colonies”; Fig. 2).

Model development

State-space models are effective tools for modeling
multiple categories of mortality and evaluating the tem-
poral variation among the associated probability esti-
mates (Gimenez et al. 2007, Servanty et al. 2010). The
incorporation of supplementary year- and source-speci-
fic recovery data allows for the unbiased estimation of
mortality probabilities (Schaub and Pradel 2004, Payton
et al. 2019). We employed a multi-state mark–recapture–
recovery model to develop year (y)- and week (w)-speci-
fic vectors of estimates of segment survival probabilities
(/y;w;where/y;w;j indicates the probability of an individ-
ual, released in week w of year y and alive entering seg-
ment j, surviving and exiting segment j), and matrices of
predation probabilities for up to 15 cause-specific mor-
tality sources within each segment (Hy;w, where Hy;w;j;h

indicates the probability of an individual, released in
week w of year y and alive entering segment j, dying due
to the hth hazard, or source of mortality, in segment j).
Temporal correlation among weekly probabilities of pre-
dation, other mortality, and recapture was addressed
through logistic random-walk models (see Payton et al.
2019).
The modeling framework described herein provides for

an evaluation of the additive effect of aggregate predation
on survival within a single segment. For each year,

TABLE 1. Numbers of steelhead smolts PIT tagged and released at Rock Island Dam that were subsequently recaptured alive at
downstream PIT-tag detection arrays, recovered dead on Caspian Tern breeding colonies, or recovered dead on breeding colonies
of other piscivorous waterbird species.

Year Released
Sampling
weeks

Rock Island Dam to Bonneville Dam Bonneville Dam to Pacific Ocean
Adult returns

Live Dead (Terns) Dead (Other) Live Dead (Terns) Dead (Other) Live

2008 7,271 11 390 477 70 81 425 64 220
2009 7,114 11 427 571 97 110 377 54 77
2010 7,365 11 977 474 99 104 318 79 88
2011 7,756 11 153 462 62 72 164 106 46
2012 6,712 10 348 332 62 96 106 72 67
2013 5,893 10 396 433 83 118 138 27 61
2014 7,663 10 528 298 139 137 211 127 65
2015 7,069 10 701 367 262 103 130 60 5
2016 6,764 9 711 265 185 87 87 20 –
2017 7,436 10 406 201 185 77 159 9 –
2018 7,366 10 584 68 138 82 123 25 –
Total 78,409 113 5,621 3,948 1,382 1,067 2,238 643 629

Note: The numbers of tagged smolts that returned as adults to Bonneville Dam are also provided; dashes indicate that complete
adult returns for those cohorts were not available.
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aggregate predation probabilities were estimated in the
first segment (j = 1) for up to eight breeding colonies of
Caspian Terns ({TERNS}; Hy;w;1; TERNSf g ¼P

h2 TERNSf g Hy;w;1;h) and up to seven of other piscivorous
waterbird species ({OTHER}, Hy;w;1; OTHERf g ¼P

h2 OTHERf g Hy;w;1;h). A third and final category, referred
to as “unexplained mortality,” comprised the unac-
counted for remainder of the unit interval (Hy;w;1;unexplained

¼ 1� /y;w;1 �
P

h62 TERNSf g[ OTHERf gf g Hy;w;1;h). Two inde-
pendent analyses were undertaken, measuring additivity
within two imbricate spatial scales representing two
anadromous salmonid life stages: (1) smolt out-migration
from RIS to arrival at BON and (2) smolt-to-adult migra-
tion from RIS (as smolts) to return at BON (as adults;
see Fig. 2). For the smolt out-migration life stage, all tag
recaptures and recoveries (including those downstream of
the first segment) were used to inform recapture and sur-
vival probabilities at Bonneville Dam. For the smolt-to-
adult (SAR) life stage, the full system was considered a
single segment with all recoveries used to inform preda-
tion probabilities and recaptures of returning adults at
Bonneville Dam used to estimate survival. Recapture
probabilities of the returning adults were assumed to be

1.0, which follows previous precedents in this study sys-
tem (Keefer et al. 2008, Evans et al. 2014).
To describe the relationships among these probabili-

ties, we employed the general compensatory/additive sta-
tistical framework summarized by Lebreton (2005). The
numerous, prominent sources of mortality and limited
survival to adulthood considered in the present study
necessitated that careful, explicit attention be paid to the
compact parameter space geometry during the construc-
tion of estimates and uncertainty intervals. Although it
is unlikely that avian predators account for all steelhead
mortality during out-migration, a consequence of the
large amounts of uncertainty inherent to the recovery of
tags from bird colonies was that non-trivial portions of
the associated posterior distributions amassed near the
parameter space boundary for the smolt-specific analysis
(i.e., where avian predation is the complement of sur-
vival; Payton et al. 2019; see Fig. 3). Likewise, for the
smolt-to-adult life-stage analysis, the dearth of steelhead
adult returns was associated with the marginal posterior
distributions of survival probabilities amassing near the
adjacent parameter space boundary. Such considerations
were incongruous with the use of correlation measures

FIG. 2. Map depicting the reach of the Columbia River associated with the study. Steelhead were tagged and released from
Rock Island Dam, recaptured (passively detected alive) at Bonneville Dam (as smolts), at the Trawl (as smolts), or returning to Bon-
neville Dam (as adults) following 1–3 yr in the Pacific Ocean. Tags were recovered from eight Caspian Tern breeding colonies and
seven breeding colonies of other piscivorous waterbird species located throughout the region in the years provided in parentheses.
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(e.g., between survival and predation) to derive inference
about levels of compensation/additivity as has been
employed by previous researchers. We instead explicitly
described survival in the first river segment (/y;w;1) as a
function of baseline survival (/

0
, where /

0
y refers to the

average baseline survival rate across the relevant seg-
ment in year y), Tern predation (Hy;w;1; TERNSf g), the
additive effects of Tern predation (a, where ay refers the
level additivity across the relevant segment in year y)
and predation by other bird species (Hy;w;1; OTHERf g).
This further allowed for the direct estimation of a mea-
sure of foremost importance to managers: the difference
in survival associated with Tern predation
(/D

y;w ¼ /0
y;w � /y;w;1); where /0

y;w represents the baseline
survival rate in week w of year y after the incorporation
a weekly random effect about the annual baseline sur-
vival rate assuming logit /0

y;w

� �
¼ logit /

0
y

� �
þ ey;w, and

ey;w � normalð0;r2
/Þ.

The compensatory model defining weekly survival can
be expressed as a piecewise function

Here, the first subfunction is the reparameterized com-
pensatory mortality model described by Schaub and
Lebreton (2004), while the second and third subfunctions
describe the enforced boundary constraints whereby
survival, Tern predation, and the measured subset of other
(natural) mortality must sum to 1. This enumeration
is helpful in demonstrating that, while the relation-
ship between survival and predation is effectively
completely additive or completely compensatory when
Hy;w;1; TERNSf g > hsaty;w, predation probabilities greater than
the saturation point provide only binary, indirect informa-
tion about levels of baseline survival and additivity, e.g.
Hy;w;1; TERNSf g [

1�/0
y;w

1�ay
.

Additional details and a simulation study evaluating
the bias, precision, and coverage of estimates provided
by this parameterization framework are presented in
Appendix S1.
The constraints imposed by this additive/compen-

satory mortality framework were integrated into the
joint mortality and survival modeling framework of Pay-
ton et al. (2019). This mark–recapture–recovery model
estimates probabilities of survival, informed directly
from downstream detections (recaptures and recoveries),
and probabilities of predation, informed indirectly
through the recovery of PIT tags from depredated fish
on piscivorous waterbird colonies. Recoveries are the
result of two stochastic processes (Hostetter et al. 2015).
First, a PIT tag consumed by a bird must be deposited
on the bird’s breeding colony. Second, the deposited tag
must be recovered by researchers on the breeding colony

following the breeding season. Independent annual
probabilities of tag deposition for each colony included
in this study were informed by previous research
(Hostetter et al. 2015), incorporated here through infor-
mative Beta priors, and assumed constant within each
year. Probabilities of tag recovery varied within each
year, with tags deposited earlier in a breeding season less
likely to be retrieved than those deposited later. For each
bird colony in each year, parameters defining unique
logistic retrieval probability functions were estimated
based on the intentional sowing of tags on each colony
prior to, during (when possible), and after the breeding
season (Hostetter et al. 2015, Payton et al. 2019). Full
details of the mathematical construction model and pos-
terior distribution are described in Appendix S2.

Model implementation

Prior distributions for all probabilities were defined to
be either uniform for univariate parameters (i.e., baseline

survival, recapture) or Dirichlet(1) for multivariate
parameters (i.e., survival and mortality). Average annual
probabilities of baseline survival were assumed to be
mutually independent. Annual values of additivity were
assumed to be unique but similar among years (i.e.,
ay � normal la;r

2
a

� �
). We assigned la ~ normal([1/2], 3)

as the enumeration of a vague a priori assumption that
predation by Caspian Terns was likely equal parts addi-
tive and compensatory mortality, with less prior credibil-
ity given to hypotheses of over-compensatory or super-
additive mortality mechanisms. As with the /

0
y random

errors in the joint mortality and survival model, we
assumed a weakly informative prior of half-normal(0, 5)
for both r2

/ and r2
a.

The models were analyzed using the software STAN
(Stan Development Team 2015), accessed through Rver-
sion 3.1.2 (R Development Core Team 2014), and using
the rstan package (version 2.8.0; Stan Development
Team 2015). To simulate random draws from the joint
posterior distribution, we ran four Hamiltonian Monte
Carlo (HMC) Markov Chain processes. Each chain con-
tained 4,000 warm-up iterations followed by 4,000 poste-
rior iterations thinned by a factor of 4. Chain
convergence was visually evaluated and verified using
the Gelman-Rubin statistic (Gelman et al. 2013); only
chains with zero reported divergent transitions were
accepted. Posterior predictive checks compared simu-
lated and observed annual aggregate raw recapture and
recovery counts to ensure model estimates reflected the
data observed. Reported estimates represent simulated

/y;w;1 ¼
/0
y;w � ayHy;w;1; TERNSf g; when Hy;w;1; TERNSf g � hsaty;w

1�Hy;w;1; OTHERf g �Hy;w;1; TERNSf g; when Hy;w;1; TERNSf g [ hsaty;w and a\/0
y;w

0; when Hy;w;1; TERNSf g [ hsaty;w and a�/0
y;w

8><>: (3)
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posterior medians along with 95% highest (posterior)
density intervals (95% credible interval [CRI]) calculated
using the HDInterval package (version 0.1.3; Meredith
and Kruschke 2016).

RESULTS

Survival and predation

A total of 78,409 steelhead smolts were captured,
tagged, and released at RIS during 2008–2018. Annual
sample sizes of tagged steelhead smolts ranged from
5,893 to 7,756 over the course of 9–11 sampling weeks
each year (Table 1). The median weekly sample size of
tagged steelhead was 421 smolts, but sample size varied
considerably (5–2,780 smolts). Across all 11 study years,
a total of 5,621 smolt tags were recaptured (detected) at
BON and 1,067 smolt tags were recaptured at the pair-
trawl net detector in the Columbia River estuary
(Table 1). A total of 629 tagged returning adult steel-
head were recaptured at BON over the first eight years
of the study (steelhead spend 1–3 yr at sea before return-
ing as adults to spawn, so adult returns were not evalu-
ated in all 11 study years). A total of 3,948 smolt tags
were recovered from Caspian Tern colonies upstream of
BON compared to 1,382 smolt tags recovered from
other bird colonies (almost entirely gull colonies)
upstream of BON. A total of 2,238 smolt tags were
recovered from Caspian Tern colonies located near the
mouth of Columbia River downstream of BON com-
pared to 643 smolt tags recovered from other bird colo-
nies (entirely cormorant colonies) downstream of BON
(Table 1).
Annual estimates of cumulative steelhead smolt sur-

vival probabilities from RIS to BON averaged 0.452
(95% CRI = 0.426–0.474). Annual smolt survival proba-
bilities ranged considerably, from a low of 0.272 (95%
CRI = 0.233–0.311) in 2015 to a high of 0.554 (95%
CRI = 0.400–0.652) in 2011 (Table 2). During 2008–
2015 (years with complete adult returns), estimated
annual SAR probabilities from RIS (as a smolt) to BON
(as an adult) averaged 0.011 (95% CRI = 0.010–0.012),
ranging from a low of 0.001 (95% CRI = 0–0.001) for
smolts that out-migrated in 2015 to a high of 0.030 (95%
CRI = 0.026–0.034) for smolts that out-migrated in
2008 (Table 2).
Annual estimates of predation probabilities by Cas-

pian Terns from all colonies that foraged on steelhead
smolts upstream of BON ranged from a low of 0.039
(95% CRI = 0.027–0.057) in 2018 to a high of 0.288
(95% CRI = 0.205–0.366) in 2009. Comparisons of
smolt mortality from Caspian Tern predation to other
bird predation upstream of BON indicated that, in 7 of
the 11 years, predation by Caspian Terns was responsi-
ble for the majority of all colonial waterbird predation
and possibly the plurality of all smolt mortality during
the smolt life stage (Table 2). With the inclusion of pre-
dation by Caspian Terns nesting near the mouth of the

Columbia River downstream of Bonneville Dam, esti-
mates of cumulative Tern predation probabilities ranged
annually from 0.075 (95% CRI = 0.058-0.099) to 0.375
(95% CRI = 0.290–0.461) during smolt out-migration
from RIS to the Pacific Ocean (Table 2).
Estimated annual cumulative predation probabilities

from all species of piscivorous colonial waterbirds (i.e.,
terns, gulls, and cormorants) and their colonies com-
bined were substantial, ranging from 0.310 (95%
CRI = 0.262–0.374) to 0.532 (95% CRI = 0.427–0.642).
Cumulative colonial waterbird predation explained an
estimated 41.7% (95% CRI = 29.6–55.9) to 70.0% (95%
CRI = 53.1–86.7) of total steelhead smolt mortality dur-
ing out-migration from RIS to BON.

Compensatory/additive analysis

There was strong evidence that Caspian Tern preda-
tion was an additive source of mortality for all spatial
scales, years, and life stages (smolt, SAR) evaluated.
Estimates of a, yearly measures of the magnitude of the
negative linear relationship between aggregate Tern pre-
dation and survival, were significantly greater than zero
in all years and spatial scales, with annual estimates of
smolt survival and SAR probabilities consistently lower
than the respective baseline estimates (Figs. 3 and 4,
Table 2).
For smolt survival, estimates of a averaged 1.406 (95%

CRI = 1.012–1.814), suggesting that Caspian Tern pre-
dation upstream of BON was a super-additive source of
mortality during the smolt life-stage (a > 1). Estimates
of a were similar among years, ranging from 1.264 (95%
CRI = 0.531–1.855) to 1.507 (95% CRI = 0.980–2.152;
Table 2), and were not significantly correlated with
annual estimates of baseline survival (/0) or with esti-
mates of annual predation probabilities by Caspian
Terns (̂r2 = 0.032, 95% CRI = �0.547–0.593;
r̂2 = �0.104, 95% CRI = �0.705–0.493; respectively).
Estimates of /D (the difference between baseline and
observed survival) for steelhead smolts were consistently
greater than zero in all years, ranging nominally from
0.052 (95% CRI = 0.017–0.103) to 0.027 (95%
CRI = 0.012–0.045; Table 2). Consequently, observed
annual smolt survival probabilities to BON were esti-
mated to be 29.0% less on average (95% CRI = 22.7–
34.3; Fig. 3) than baseline survival probabilities (in the
absence of Tern predation).
Estimates of a for the analysis of SAR probabilities

were also significantly greater than zero in all years with
complete adult returns (2008–2015; Fig. 4, Table 2).
Results provide strong evidence that higher Caspian
Tern predation probabilities were associated with lower
SAR probabilities in all years. The weighted average
annual estimate of a was 0.052 (95% CRI = 0.017–
0.103), with the negative linear relationship between esti-
mates of Caspian Tern predation probabilities and esti-
mates of SAR probabilities evident in all years, even
those of markedly low adult returns (Fig. 4). Nominal
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estimates of /D ranged from 0.012 (95% CRI = 0.005–
0.024) to 0.049 (95% CRI = 0.025–0.078; Table 2,
Fig. 4). Years of lower estimated steelhead SAR proba-
bilities, or lower estimated Caspian Tern predation prob-
abilities, were associated with relatively smaller estimates
of /D. For example, smolts released in 2015, a year in
which mortality from sources other than Tern predation
was among the highest estimated (Table 2), had esti-
mated weekly SAR probabilities considerably lower than
average. The estimate of /D

2015, however, was still measur-
able and almost certainly larger than zero (b/D

2015 = 0.011

[95% CRI = 0.001–0.029]; dprob /D
2015 � 0

� �
\0:001).

After accounting for predation by Caspian Terns from
all eight colonies in the Columbia River basin, including
the large colony in the Columbia River estuary, observed
steelhead SARs were, on average, 71.1% less than the
respective estimated baseline probabilities (95%
CRI = 65.3–76.8; Fig. 4). Collectively, results provide
evidence that weekly cohorts of tagged steelhead smolts
returned to the Columbia River as adults in smaller pro-
portions after experiencing higher rates of Caspian Tern
predation as smolts (Table 2, Fig. 4). As with smolt out-

FIG. 3. Weekly probability estimates of steelhead smolt survival and Caspian Tern predation along with the estimated annual
relationships between survival and predation during out-migration from Rock Island Dam to Bonneville Dam. The plotted joint
estimates of survival and predation were derived from a mark–recapture–recovery model without an assumed functional relation-
ship between them. The size of light brown circles depicts relative numbers of steelhead smolts tagged and released each week at
Rock Island Dam. Approximate 95% credible regions are depicted for joint survival and predation estimates in 2008 to demonstrate
uncertainty but omitted from other years for intelligibility. Dashed lines represent the best fit estimate of the linear relationship and
shading denotes 95% credible intervals (CRI) around the best fit. Annual estimates of smolt survival with Tern predation (light
brown box) and baseline smolt survival in the absence of Tern predation (light blue box) are also provided (error bars denote 95%
CRI).
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migration, estimates of a and /0 were not significantly
correlated among years or with estimates of annual pre-
dation probabilities by Caspian Terns (̂r = 0.080, 95%
CRI = �0.670–0.812, and r̂ = 0.061, 95%
CRI = �0.733–0.751, respectively).

DISCUSSION

In our study, the estimated additive effects of Caspian
Tern predation on steelhead trout were statistically sig-
nificant within and across overlapping salmonid life
stages, despite Tern predation occurring only during the
smolt life stage. Independent of baseline survival condi-
tions and the magnitude of Caspian Tern predation each
year, a persistent pattern was evident: for each additional
10 steelhead smolts consumed by Caspian Terns, ~14
fewer smolts from that cohort survived out-migration to
Bonneville Dam. These results have important implica-
tions for management actions focused on increasing
steelhead survival in the Columbia River. Further, Tern
predation during the steelhead smolt life stage was esti-
mated to be a partially additive source of mortality at
the scale of SARs, with estimated observed survival
probabilities significantly lower than estimates of base-
line survival (survival in the absence of Tern predation)
in all study years. Again, regardless of baseline survival
conditions and the level of Caspian Tern predation, a
persistent pattern was observed whereby, on average, for

every 10 steelhead smolts consumed by Terns, one less
individual from that cohort returned to the Columbia
River as an adult to Bonneville Dam. Over a scale as
large as SARs, representing the vast majority of an
anadromous salmonid’s potential lifespan, any source of
mortality encountered early on will be mostly compen-
satory. Considering the limited rate in which juvenile sal-
monids survive to adulthood (Quinn 2005), it is
important to consider how specific mortality sources
during different life stages affect the overall viability of
endangered salmonid species (NOAA 2014).
Mechanisms of super-additivity over large scales are

generally driven by density-dependent processes relating
to population regulation (e.g., fecundity; Kokko and
Johnstone 2001, Liermann and Hilborn 2001). In con-
trast, there are fewer predation-related super-additive
mechanisms within a single lifespan (i.e., prior to repro-
duction), whereby predation reduces the average survival
probability of individuals not consumed by the predator
in question (Sandercock et al. 2011). An additive effect
of predation can result from predators selecting larger,
fitter individuals (i.e., those less likely to die otherwise).
Limited information indicates that Terns disproportion-
ately depredate fish in degraded condition and that pre-
dation selectivity is a concave function of fork length
where smaller and larger individuals are less susceptible
(Hostetter et al. 2012), however, survival is often a linear
function of fork length (i.e., bigger is better; Zabel et al.

FIG. 4. Estimated annual relationships between PIT-tagged steelhead smolt-to-adult survival probabilities and Caspian Tern
predation probabilities during smolt out-migration from Rock Island Dam to the Pacific Ocean. The plotted joint estimates of sur-
vival and predation were derived from a mark-recapture-recovery model without an assumed functional relationship between them.
The size of the light brown circles depicts the relative numbers of steelhead smolts tagged and released each week at Rock Island
Dam. Dashed lines represent the estimate of the best linear fit to the data and shading denotes 95% credible intervals (CRI) around
the best fit. Annual estimates of survival with Tern predation (light brown box) and baseline survival in the absence of Tern preda-
tion (dark blue box) are also provided (error bars denote 95% CRI).

Article e02193; page 10 QUINN PAYTON ETAL.
Ecological Applications

Vol. 0, No. 0



2005, Hostetter et al. 2015b). Thus, predation selectivity
may play a role in the additive effects estimated here but
such mechanisms cannot fully explain the super-additiv-
ity of the relationships observed in the juvenile life stage.
The foraging behavior of Caspian Terns may also be a

possible mechanism of super-additivity. Caspian Terns
plunge dive to capture prey (Smith and Mudd 1978,
Cuthbert and Wires 1999), where unsuccessful foraging
attempts can result in some proportion of lethally or
sub-lethally injured prey (i.e., latent mortality). Latent
smolt mortality associated with Caspian Tern foraging
activity was likely correlated with fluctuations in Cas-
pian Tern predation probabilities in the present study,
but was unobserved, unmeasured, and unaccounted for
(Reimchen 1988). This latent mortality is analogous to
“crippling losses” seen in harvest management (game
injured or killed but not retrieved; Williams et al. 2002,
Schaub and Lebreton 2004, Servanty et al. 2010). With
harvest management, crippling loss may be estimated
via reward tags and minimized through hunter training
(Norton and Thomas 1994, Williams et al. 2002); how-
ever, data sufficient for estimation of crippling loss from
predation due to Caspian Terns were not available with
respect to this study.
An additional mechanism of super-additivity in the

present study was the theft of prey captured by Caspian
Terns by other species of fish-eating birds (i.e., klep-
toparasitism). For example, an unknown, but possibly
substantial, proportion of smolts captured by Caspian
Terns and brought back to the breeding colony to feed
mates or young was kleptoparasitized by communally-
nesting gulls Larus spp. (Garcia et al. 2010, Patterson
2012, Adkins et al. 2014). These smolt losses, however,
were not incorporated into Tern predation probabilities,
but rather enumerated as consumed by gulls. The theft
of killed prey is common in predator–prey systems and,
as another mechanism of super-additivity, can increase
predation probabilities and potentially increase the
impact of predation on prey populations (Krofel et al.
2012, Tallian et al. 2017). Steelhead smolts in particular,
due to their large size and high energy content, are tar-
geted by kleptoparasitic gulls at Caspian Tern colonies
(D. D. Roby, personal observation).
Several factors proved invaluable for reaching conclu-

sions about the additive effects of Caspian Tern preda-
tion on steelhead survival. Direct quantification of rates
of additivity relies on explicit unbiased estimates of pre-
dation probabilities rather than raw counts of recoveries.
The estimation of predation probabilities requires auxil-
iary information to identify recovery probabilities
unique to each measured mortality source (Gauthier
and Lebreton 2008, Gimenez et al. 2012, Tavecchia et al.
2012, Hostetter et al. 2015). Only by directly estimating
both the probability that a tag from a depredated fish
was deposited on a bird’s breeding colony, and the prob-
ability that a tag was recovered given it was deposited,
were we able to further explore and measure relation-
ships between survival and predation. Furthermore, the

prolonged out-migration season of steelhead trout
allowed us to delineate temporal cohorts that could be
treated as pseudo-replicates within each year. Thus, we
did not have to assume an invariable baseline survival
rate, either among or within years, and could also allow
the relationship between survival and predation to vary
among years. This provided a more accurate reflection
of the biological systems under consideration.
Identifying a negative relationship between survival

probabilities and predation probabilities does not by
itself indicate that predation is an additive source of
mortality that affects prey populations (Sandercock
et al. 2011, Serrouya et al. 2015). Negative relationships
may also be consistent with some other ecological pro-
cess driving both declines in survival and increases in
predation. In other words, observational studies, with-
out appropriate experimental controls and prescribed
manipulation of treatment parameters, do not allow for
definitive statements about causation. The introduction
of management actions to reduce predation by reducing
the number of Caspian Terns nesting in the Columbia
River basin (USFWS 2005, USACE 2014), however, did
result in a greater experimentally driven range of esti-
mates of Tern predation probabilities. This wider range
of observed probabilities facilitated the development of
broader inferences and may mitigate some concerns of
extrapolation inherent to the interpretation of baseline
survival probabilities. Furthermore, the similarity in the
annual relationships across 11 yr of out-migration data
and eight years of smolt-to-adult returns, suggests that
Caspian Tern predation on juvenile steelhead has had
appreciable, consistent impacts on smolt survival proba-
bilities during out-migration, as well as smolt-to-adult
return probabilities. Given the magnitude of Caspian
Tern predation probabilities on ESA-listed Upper
Columbia River steelhead smolts and the observed rela-
tionship between Tern predation probabilities and steel-
head survival probabilities, the evidence suggests that
Tern predation may have an appreciable effect on on-go-
ing and future recovery plans for this ESA-listed salmo-
nid population.

CONCLUSIONS

Our results provide new information about the
impacts of predation on survival of prey using a multi-
nomial state-space model and mark–recapture–recovery
data set involving multiple predators, spatial scales,
years, and animal life stages. Evidence from this model
indicates that mortality from predation was primarily
additive and, therefore, had a credible, significant impact
on prey survival. Predator–prey models should account
for, or at least assess, additive effects of predation across
life stages in order to avoid exaggerating the potential
benefits from management actions aimed at reducing
predator populations to enhance prey populations. As
such, it is important to design studies that concurrently
estimate survival and predation to evaluate these
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relationships and inform the efficacy of management
strategies aimed at the reduction of predation impacts
on prey populations of conservation concern.

ACKNOWLEDGMENTS

This project was funded in part by Public Utility District
(PUD) No. 2 of Grant County, Washington, with oversight and
approval from the Priest Rapids Coordinating Committee. We
especially thank Curtis Dotson of Grant PUD. We also thank
D. Trachtenbarg, J. Macdonald, and C. Studebaker of the U.S.
Army Corps of Engineers and D. Roberts, J. Skidmore, S. Gag-
non, and G. Smith of Bonneville Power Administration. We
thank D. Lyons, P. Loschl, and T. Lawes of Oregon State
University, and A. Turecek and J. Tennyson of Real Time
Research. We also thank Chelan County PUD, particularly S.
Hopkins, L. Keller, and S. Hemstrom. We would also like to
acknowledge the hard work and dedication of numerous field
research technicians; whose contributions were invaluable. All
handling of live fish as part of this study followed protocols
approved by the Institutional Animal Care and Use Committee
at Oregon State University. All federal and state collection and
handling permits necessary for this work were obtained and
abided by.

LITERATURE CITED

Adkins, J. Y., D. E. Lyons, P. J. Loschl, D. D. Roby, K. Collis,
A. F. Evans, and N. J. Hostetter. 2014. Demographics of pis-
civorous colonial waterbirds and management implications
for ESA-listed salmonids on the Columbia Plateau. North-
west Science 88:344–360.

Anderson, D. R., and K. P. Burnham. 1976. Population ecology
of the mallard: VI. The effect of exploitation on survival.
Resource Publication 128. U.S. Fish and Wildlife Service.

Burnham, K. P., and D. R. Anderson. 1984. Tests of compen-
satory vs. additive hypotheses of mortality in mallards. Ecol-
ogy 65:105–112.

Caswell, H. 2001. Matrix population models: construction,
analysis, and interpretation. Second edition. Sinauer Associ-
ates, Sunderland, Massachusetts, USA.

Collis, K., D. D. Roby, D. P. Craig, B. A. Ryan, and R. D.
Ledgerwood. 2001. Colonial waterbird predation on juvenile
salmonids tagged with passive integrated transponders in the
Columbia River estuary: vulnerability of different salmonid
species, stocks, and rearing types. Transactions of the Ameri-
can Fisheries Society 130:385–396.

Crouse, D. T., L. B. Crowder, and H. Caswell. 1987. A Stage-
based population model for loggerhead sea turtles and impli-
cations for conservation. Ecology 68:1412–1423.

Cuthbert, F., and L. Wires. 1999. Caspian tern (Hydroprogne
caspia), Version 2.0. In A. Poole and F. Gill, editors. The
Birds of North America. Cornell Lab of Ornithology, Ithaca,
New York, USA. https://doi.org/10.2173/bna.403

Errington, P. L., and F. N. Jr Hamerstrom. 1935. Bobwhite win-
ter survival on experimentally shot and unshot areas. Iowa
State College Journal of Science 9:625–639.

Evans, A. F., et al. 2016. Avian predation on juvenile salmonids:
spatial and temporal analysis based on acoustic and Passive
Integrated Transponder tags. Transactions of the American
Fisheries Society 145:860–877.

Evans, A. F., N. J. Hostetter, K. Collis, D. D. Roby, and F. J.
Loge. 2014. Relationship between juvenile fish condition and
survival to adulthood in steelhead. Transactions of the Amer-
ican Fisheries Society 143:899–909.

Evans, A. F., N. J. Hostetter, K. Collis, D. D. Roby, D. E. Lyons,
B. P. Sandford, R. D. Ledgerwood, and S. Sebring. 2012. Sys-
temwide evaluation of avian predation on juvenile salmonids
from the Columbia River based on recoveries of passive inte-
grated transponder tags. Transactions of the American Fish-
eries Society 141:975–989.

Evans, A. F., Q. Payton, B. M. Cramer, K. Collis, N. J. Hostet-
ter, D. D. Roby, and C. Dotson. 2019. Cumulative effects of
avian predation on upper columbia river steelhead. Transac-
tions of the American Fisheries Society 148(5):896–913.

Garcia, G. O., M. Favero, and A. I. Vassallo. 2010. Factors
affecting kleptoparasitism by gulls in a multi-species seabird
colony. Condor 112:521–529.

Gauthier, G., and J. D. Lebreton. 2008. Analysis of band-recov-
ery data in a multistate capture-recapture framework. Cana-
dian Journal of Statistics 36:59–73.

Gelman, A., J. B. Carlin, H. S. STern, D. B. Dunson, A. Vehtari,
and D. B. Rubin 2013. Bayesian Data Analysis. Third edition.
Chapman and Hall/CRC, Boca Raton, Florida, USA.

Gimenez, O., J. D. Lebreton, J. M. Gaillard, R. Choquet, and
R. Pradel. 2012. Estimating demographic parameters using
hidden process dynamic models. Theoretical Population Biol-
ogy 82:307–316.

Gimenez, O., V. Rossi, R. Choquet, C. Dehais, B. Doris, H. Var-
ella, J.-P. Vila, and R. Pradel. 2007. State-space modelling of
data on marked individuals. Ecological Modelling 206:431–438.

Holling, C. S.. 1959. The components of predation as revealed
by a study of small-mammal predation of the European pine
sawfly. Canadian Entomologist 91:293–320.

Hostetter, N. J., A. F. Evans, B. M. Cramer, K. Collis, D. E.
Lyons, and D. D. Roby. 2015. Quantifying avian predation on
fish populations: integrating predator-specific deposition
probabilities in tag–recovery studies. Transactions of the
American Fisheries Society 144:410–422.

Hostetter, N. J., A. F. Evans, F. J. Loge, R. R. O’Connor, B. M.
Cramer, D. Fryer, and K. Collis. 2015b. The influence of indi-
vidual fish characteristics on survival and detection: similari-
ties across two Salmonid species. North American Journal of
Fisheries Management 35:1034–1045.

Hostetter, N. J., A. F. Evans, D. D. Roby, and K. Collis. 2012.
Susceptibility of juvenile steelhead to avian predation: the
influence of individual fish characteristics and river condi-
tions. Transactions of the American Fisheries Society
141:1586–1599.

Kareiva, P., M. Marvier, and M. McClure. 2000. Recovery and
management options for spring/summer Chinook salmonid
in the Columbia River Basin. Science 290:977–979.

Keefer, L. M., R. H. Wertheimer, A. F. Evans, C. T. Boggs, and
C. A. Peery. 2008. Iteroparity in Columbia River summer-run
steelhead (Oncorhynchus mykiss): Implications for predator
management. Canadian Journal of Fisheries and Aquatic
Sciences 65:2592–2605.

Kokko, H., and R. A. Johnstone. 2001. The evolution of coop-
erative breeding through group augmentation. Proceedings of
the Royal Society of London B 268:187–196.

Krofel, M., I. Kos, and K. Jerina. 2012. The noble cats and the
big bad scavengers: effects of dominant scavengers on solitary
predators. Behavioral Ecology and Sociobiology 66:1297–
1304.

Lebreton, J. D.. 2005. Dynamical and statistical models for
exploited populations. Australian & New Zealand Journal of
Statistics 47:49–63.

Lebreton, J. D., and R. Pradel. 2002. Multistate recapture mod-
els: modeling incomplete individual histories. Journal of
Applied Statistics 29:353–369.

Liermann, M., and R. Hilborn. 2001. Depensation: evidence,
models and implications. Fish and Fisheries 2:33–58.

Article e02193; page 12 QUINN PAYTON ETAL.
Ecological Applications

Vol. 0, No. 0

https://doi.org/10.2173/bna.403


Meredith, M., and J. Kruschke. 2016. HDInterval: highest (pos-
terior) density intervals. R package version 0.1, 3. https://
CRAN.R-project.org/package=HDInterval

Mills, L. S. 2012. Conservation of wildlife populations: demog-
raphy, genetics, and management. Second edition. Wiley-
Blackwell, Hoboken, New Jersey, USA.

National Oceanic and Atmospheric Administration (NOAA)
2014. Endangered Species Act Section 7(a)(2) Supplemental
Biological Opinion: Consultation on Remand for Operation
of the Federal Columbia River Power System. NOAA
National Marine Fisheries Service, Northwest Region, Seat-
tle, Washington, USA.

Nelson, W., J. E. Williams, and J. A. Lichatowich. 1991. Pacific
salmon at the crossroads: stocks at risk from California, Ore-
gon, Idaho, and Washington. Fisheries 16:4–21.

Norton, M. R., and V. G. Thomas. 1994. Economic analyses of
‘crippling losses’ of North American waterfowl and their pol-
icy implications for management. Environmental Conserva-
tion 21:347–353.

Patterson, A. 2012. Breeding and foraging ecology of Caspian
terns nesting on artificial islands in the Upper Klamath
Basin, California. Thesis. Oregon State University, Corvallis,
Oregon, USA.

Payton, Q., N. J. Hostetter, and A. F. Evans. 2019. Jointly esti-
mating survival and mortality: integrating recapture and
recovery data from complex multiple predator systems. Envi-
ronmental and Ecological Statistics 26:107–125.

Quinn, T. P. 2005. The behavior and ecology of Pacific Salmon
and Trout. University of Washington Press, Seattle, Washing-
ton, USA.

R Development Core Team. 2014. R: A language and environ-
ment for statistical computing. R Foundation for Statistical
Computing, Vienna, Austria. http://www.R-project.org

Reimchen, T. E.. 1988. Inefficient predators and prey injuries in
a population of giant sticklebacks. Canadian Journal of Zool-
ogy 66:2036–2044.

Sandercock, B. K., E. B. Nilsen, H. Broseth, and H. C. Peder-
sen. 2011. Is hunting mortality additive of compensatory to
natural harvest? Effects of experimental harvest on the sur-
vival and cause-specific mortality of willow ptarmigan. Jour-
nal of Animal Ecology 80:244–258.

Schaub, M., and J. D. Lebreton. 2004. Testing the additive ver-
sus the compensatory hypothesis of mortality from ring
recovery data using a random effects model. Animal Biodi-
versity and Conservation 27:73–85.

Schaub, M., and R. Pradel. 2004. Assessing the relative impor-
tance of different sources of mortality from recoveries of
marked animals. Ecology 85:930–938.

Serrouya, R., B. N. McLellan, and S. Boutin. 2015. Testing
predator–prey theory using broad-scale manipulations and
independent validation. Journal of Animal Ecology 84:1600–
1609.

Servanty, S., R. Choquet, �E. Baubet, S. Brandt, J. M. Gaillard,
M. Schaub, C. To€ıgo, J. D. Lebreton, M. Buoro, and O.
Gimenez. 2010. Assessing whether mortality is additive using
marked animals: a Bayesian state–space modeling approach.
Ecology 91:1916–1923.

Smith, J. L., and D. R. Mudd. 1978. Food of the Caspian Tern
in Grays Harbor, Washington. Murrelet 59:105–106.

Stan Development Team. 2015 Stan: A C++ library for proba-
bility and sampling, version 2.8.0. http://mc-stan.org/

Tallian, A., et al. 2017. Competition between apex predators?
Brown bears decrease wolf kill rate on two continents. Pro-
ceedings of the Royal Society B 284:20162368.

Tavecchia, G., J. Adrover, A. M. Navarro, and R. Pradel. 2012.
Modelling mortality causes in longitudinal data in the pres-
ence of tag loss: application to raptor poisoning and electro-
cution. Journal of Applied Ecology 49:297–305.

Taylor, R. J. 1984. Predation. Chapman and Hall, New York,
New York, USA.

U.S. Army Corps of Engineers.(USACE). (2014). Inland Avian
Predation Management Plan Environmental Assessment.
U.S. Army Corps of Engineers, Walla Walla District, North-
western Division, Walla Walla, Washington, USA.

U.S. Fish and Wildlife Service (USFWS). 2005. Caspian Tern
management to reduce predation of juvenile salmonids in the
Columbia River estuary: Final Environmental Impact State-
ment, January 2005. Migratory Birds and Habitat Program,
Portland, Oregon, USA.

Vucetich, J. A., M. Hebblewhite, D. W. Smith, and R. O. Peter-
son. 2011. Predicting prey population dynamics from kill
rate, predation rate and predator–prey ratios in three wolf-
ungulate systems. Journal of Animal Ecology 80:1236–1245.

Williams, B. K., J. D. Nichols, and M. J. Conroy. 2002. Analysis
and management of animal populations. Academic Press, San
Diego, California, USA.

Wolfe, M. L., D. N. Koons, D. C. Stoner, P. Terletzky, E. M.
Gese, D. M. Choate, and L. M. Aubry. 2015. Is anthro-
pogenic cougar mortality compensated by changes in natural
mortality in Utah? Insight from long-term studies. Biological
Conservation 182:187–196.

Zabel, R. W., T. Wagner, J. L. Congleton, S. G. Smith, and J. G.
Williams. 2005. Survival and selection of migrating salmon
from capture–recapture models with individual traits, Ecolog-
ical Applications. 154:1427–1439.

SUPPORTING INFORMATION

Additional supporting information may be found online at: http://onlinelibrary.wiley.com/doi/10.1002/eap.2193/full

DATA AVAILABILITY STATEMENT

Data are available from the Dryad Digital Repository: https://doi.org/10.5061/dryad.k98sf7m3r

Xxxxx 2020 ADDITIVE EFFECTS OF PREDATION Article e02193; page 13

https://CRAN.R-project.org/package=HDInterval
https://CRAN.R-project.org/package=HDInterval
http://www.R-project.org
http://mc-stan.org/
http://onlinelibrary.wiley.com/doi/10.1002/eap.2193/full
https://doi.org/10.5061/dryad.k98sf7m3r

